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Physics-informed neural networks (PINNs)
forward and inverse PDEs
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Sine-Gordon equation
07u — Au — sin(u) = 0
u(x,0) = f(x), d,u(x,0) = g(x)

With extrapolation boundary conditions
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Burgers equation

Parameter identification for 3D ADE

0cu + udyu —vozu = 0 CG: d,u + ud,u — v,.02u = 0
u(x,0) = —sin(—mx) TP: d,u + udu —voZu =0
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3D space-time-fractional ADE
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Space-fractional order
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